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» One of the most debated macroeconomic trends in the past decade has been
the decline in US business dynamism

» The secular slowdown in the process of birth, expansion, and contraction of
US firms has been documented with a variety of measures and data sources

» Ongoing debate about potential factors: demographic shifts (Pugsley et al.,
2015), declining knowledge diffusion (Akcigit & Ates, 2021), rising market
power (De Loecker, Eeckhout & Mongey, 2021), and technological change
(De Ridder, 2019; Chiavari, 2023)

» We bring European data to this debate.
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of business dynamism (job reallocation, young firms' activity) using
cross-country comparable administrative data

2. Analyze the microeconomic drivers underlying this decline, by examining the
shocks and the responsiveness hypotheses (Decker, Haltiwanger, Jarmin, &
Miranda, 2020)

3. Derive and apply a general framework that links differences in firms’ market
power and technology with responsiveness to productivity
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Data sources
1. CompNet micro-aggregated data - 9" vintage
- Firms with at least 20 employees (all firms for 14 countries)
- Firms in all sectors, exc. financial, public, and real estate
- Coverage: 1997-2020, but country-specific

2. Firm-product-level data for the German manufacturing sector (AFiD
modules, German Statistical Office)

- Firms with at least 20 employees (1995-2017)
- Allow us to estimate more flexible production functions

— Used as robustness and to apply our framework



CompNet data collection process and timeline.
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» Share of employment of young firms (age < 5 years)
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Fact 1. Declining JR all over Europe
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Fact 2. Declining shares of employment in young firms
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Fact 3. JR declined for mature firms but not for young firms
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Notes: Average across countries of relative changes in JR by age-class. CompNet data, firms with at least 20 employees.



Fact 4. Widespread in all (macro)sectors
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Fact 5. Decline is driven by within-sector dynamics
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Notes: Decomposition of job reallocation changes across sectors. CompNet data, firms with at least 20 employees.



Fact 6. Stronger decline among larger firms
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Declining job reallocation: hypotheses

» Decker, Haltiwanger, Jarmin & Miranda (2020) show that in standard
models of firm dynamics a decline in the pace of job reallocation reflects
either a decline in the

1. dispersion of firm-level productivity shocks;  and/or
2. responsiveness of firms' labor demand to productivity.

» In the US, they find that the dispersion of shocks experienced by firms has,
in fact, risen over the 1981-2013 period, while firms’ responsiveness to those
shocks has declined.

» We test the same hypotheses in Europe, following closely their approach to
ensure a straightforward comparison.



1. Shocks hypothesis

» We estimate a standard AR(1) process for productivity:

ajt = Pt djip—1 + ﬂ;txjt + Nit

(a) Labor Productivity (b) Revenue-TFP
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Notes: Standard deviation of productivity innovations 7;;. Labor productivity is defined as value added per employee. Revenue-TFP as a residual

from a PF estimated with cost-shares (median by industry-year). CompNet data, firms with at least 20 employees.



2. Responsiveness hypothesis

» To test whether the responsiveness of labor demand to productivity has
changed over time, we estimate:

git = fo + Praie—1 + Balie—1 + 018i 1 Te + Ol 1 T + B3 Xje + €. (3)

where gj; is the DHS growth rate, a;_; and /;;_1 are lagged log productivity
and employment, T is a time trend, and X|; contains industry-year dummies.



2. Responsiveness hypothesis

» To test whether the responsiveness of labor demand to productivity has
changed over time, we estimate:

git = fo + Praie—1 + Balie—1 + 018i 1 Te + Ol 1 T + B3 Xje + €. (3)

where gj; is the DHS growth rate, a;_; and /;;_1 are lagged log productivity
and employment, T is a time trend, and X|; contains industry-year dummies.

» We plot in the next figure & / 51



2. Responsiveness hypothesis

(a) Labor Productivity (b) Revenue-TFP
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are significant at least at the 10% level.

» Decline of comparable magnitudes to the US (in relative terms).
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Summing up

» US: 1 shocks vs. | responsiveness.
» Europe: both shocks and responsiveness hypotheses appear relevant.

» We confirm this with the other database on German manufacturing firms
(direct access, longer time span, refined productivity measures).

» DHJM argue that a rise in adjustment costs can rationalize the decline in
responsiveness and job reallocation.

» However, labor markets in most European countries have become much more
flexible in the last two decades (Eichhorst et al., 2017; Gehrke & Weber, 2018)



Gradient by size

» Moreover, we find that larger firms have lower responsiveness to productivity.
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Notes: Estimated responsiveness to revenue-TFP by size class. CompNet data, firms with at least 20 employees.
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Correlated wedges?

» These findings can be interpreted in terms of " correlated wedges” that
may capture, among others, variation in firms' market power.

» Our contribution is to formalize this idea and to unpack the black box of
firm responsiveness.

» We rationalize differences in responsiveness (across firms and over time)
through variations in firms' market power, costs, and technology.

» Related to recent studies on increasing firm market power on product and
labor markets, as well as changes in firms’ production technology that
replace labor with other inputs (De Loecker, Eeckhout, & Unger, 2020; Yeh,
Macaluso, & Hershbein, 2022; Hubmer & Restrepo, 2021)
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Theoretical framework

» Firm / produces Q;; according to a Hicks-neutral production function

Qit - F(Lin Mim Kit) TFPit

» Profit-maximizing, (potentially) with market power in output and labor mkts

/t — /t(Q:t)Q:t it ( it )Lit - VitMit - RitKit

» Take first-order conditions g'z’* = 0 and rearrange
P;: Q; TFPR;, 0~
Lit tQt /t _ F () t Vit (4)

Vit it Wi YitHit Wi
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Decomposition of labor demand

» Take logs and first differences to obtain the employment growth rate

git =~ Al = Atfpry + Afit(-l+A/Og(9;Lt)—A/Og(’y,-t)—A/Og(,u,-t)—AW,-t (5)

Arp

» We estimate at firm-year level Q,Lt, it and p;; based on Mertens (2020)

» Weighting (5) with employment yields the aggregate job reallocation rate as
a sum of net changes in revenue, market power, technology, and wages:

jR)t = Zsit ’git‘

~ Y sillAre + Alog(6) — Alog(7ir) — Alog(jiz) — Awe|



Empirical validation

o 4

» JR retrieved in this way closely matches level and trend of actual JR
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Notes: German manufacturing microdata, firms with at least 20 employees.



Decomposition of the responsiveness
» By dividing Al by Atfpr, we can decompose the responsiveness of
employment to productivity (in terms of elasticity) into its drivers

Db ., Afy() N Alog(0;)  Alog(yie) Alog(pir) — Awg
Atfpriy Atfpr; Atfpri Atfpri Atfpri Atfpri

» Responsiveness depends on both the /evels and the changes in markups,
markdowns, technology, and wages
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Decomposition of the responsiveness

» By dividing A/ by Atfpr, we can decompose the responsiveness of
employment to productivity (in terms of elasticity) into its drivers

by, AR
Atfpriy Atfpri

» To begin with, we focus on levels

» Theoretical prediction: higher markups, markdowns, wages, and lower
output elasticity of labor lead to lower responsiveness (Biondi, 2022)



Extended responsiveness regressions

We estimate
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Extended responsiveness regressions
We estimate

Aly = Bo+Legpe Atfpri_1+ By Atfpra_ix  Ny_q +ﬁ;\l\it—1+/8;'txjt+€it

=~
0.39* —0.19"* log (ptie—1)
—0.044* log (7it—1)
—0.031" Wit—1
0.023* log(6%_,)
0.0001 Rior=w

Notes: *** ** * significant at the 1%, 5% and 10% level, with S.E. clustered at the firm level. German manufacturing microdata (1996-2017).



Ongoing work

» What is behind the decline in responsiveness?
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Ongoing work

» What is behind the decline in responsiveness?

I Al Af()  Alog(0t) Alog(y) Alog(p) Aw
Atfpr Atfpr Atfpr Atfpr Atfpr  Atfpr
T T

» Preliminary results: over time, firms increased their markups and decreased
their output elasticity of labor relatively more in response to Atfpr > 0

» With responsiveness at the firm-year level, quantify the role of shocks and
responsiveness in the overall decline of JR
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Conclusions

» We study the changing patterns of business dynamism in Europe

» We document a widespread reduction in job reallocation rates, mostly driven
by within-sector dynamics and large firms

» Similarly to the US, we found that firms are becoming less responsive to
productivity shocks. However, shock dispersion has declined too

» We propose and apply a novel framework to rationalize declining job
reallocation via changes in firms' market power and technology



Thank you for your attention!



Country coverage

Belgium (2000-2020) France (2003-202) Lithuania (2000-2020)  Slovenia (2002-2021)
Croatia (2002-2021) Germany (2001-2018)  Poland (2002-2020) Spain (2008-2020)
Czech Republic (2005-2020)  Hungary (2003-2020)  Portugal (2004-2020) Sweden (2003-2020)
Denmark (2001-2020) Italy (2006-2020) Romania (2005-2020) UK (1997-2019)
Finland (1999-2020) Latvia (2007-2019) Slovakia (2000-2020)

Note: For France, Germany, Poland, Romania, and Slovakia the only sample available is the one comprising
firms with at least 20 employees. Sectors: Manufacturing, Construction, Transportation and storage, ICT,
Professional activities, Administrative and service activities, Wholesale and retail trade.



Decomposition details

» To quantify the contribution of within- and cross-sector changes, we apply

the following decomposition (Foster, Haltiwanger, & Krizan, 2001):

AJRc(e—t) = Y _ Sejty DIRgj(e—1y) +

J

- 4
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where j indicates a sector within country c. sgy, is the initial employment weight of sector j in c.



Fact 3: Decomposition by age
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Fact 6: Decomposition by size
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Notes: Decomposition of job reallocation changes across size classes. CompNet data, firms with at least 20 employees.



Increasing persistence

Persistence coefficient

(a) Labor Productivity
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Notes: Estimated persistence in productivity dynamics in (2). CompNet data, firms with at least 20 employees.



Declining responsiveness over time - all sample

(a) Labor Productivity (b) Revenue-TFP
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are significant at least at the 10% level.



Fact 1 - all sample
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Fact 2 - all sample
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Fact 3 - all sample
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Fact 4 - all sample
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